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Abstract. One of the lessons learnt during the COVID-19 pandemic is the 
need for technology to connect and communicate. Schools learnt to use 
technology as tools of teaching and learning, as well as connecting with 
parents. Such gains need not be discarded now that the pandemic has 
subsided. The purpose of this study was to investigate factors that parents 
in South Africa consider significant in allowing their children to continue 
using online learning. The extended expectation-confirmation model, 
with eight constructs, was used to explain this phenomenon using a 
sample of 358 participating parents. The model was analysed using 
partial least squares structural equation modeling, while SmartPLS3 was 
employed in the analysis of the data. The results showed that the factors 
that parents in South Africa consider significant in allowing their children 
to continue using online learning were statistically significant. The seven 
factors (constructs) identified in the model explained 74.6% of the 
variance in support of continuous use of online learning. This was an 
overwhelming support for continuance to use online learning by their 
children, based on its benefits. This work contributed to the body of 
knowledge by developing a model for predicting the continued use of 
educational technologies (online learning), especially in developing 
countries. One of the shortcomings of the study is that it only included 
parents of learners in one district of South Africa. As a result, generalising 
the findings to other high schools elsewhere should be done with caution. 
 
Keywords: continuous use; online learning; parents; expectation-
confirmation model; high schools 

 
 

1. Introduction 
Online learning (OL) is rapidly expanding in developed countries, providing new 
learning options for learners and parents. According to expert estimates, the 
number of high school learners in online courses exceeds one billion (Dong et al., 
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2020). Parents and learners choose online institutions and online courses for a 
variety of reasons stemming from their specific needs. There are a number of 
reasons why parents and their children prefer OL (Agaton & Cueto, 2021; Lau & 
Lee, 2021). For instance, parents and their children may be looking for subjects 
that are not available at their local schools (Watson et al., 2010). Another attraction 
is that learning can take place at the learner’s own pace (Agaton et al., 2021). 
Learners with certain medical conditions may benefit from OL (Lau et al., 2021). 
Learners can gain access, through OL, to specialist teachers who are located far 
away, which they would not be able to do in the classroom (Maqableh & Alia, 
2021). Parents believe that virtual laboratories (which may not be available in their 
locality) can be used to help their children better understand science concepts 
(Mutambara & Chibisa, 2022b; Watson et al., 2010). These reasons for choosing 
online institutions and OL has led to the proliferation of OL service providers 
(Watson et al., 2010). 
 
The demand for OL further increased due to the global spread of COVID-19 which 
caused countries to implement national lockdowns (Wang et al., 2021). During 
these lockdowns, people completely depended on information and 
communication technologies for teaching and learning which, in developing 
countries especially, was relatively new (Mutambara & Bayaga, 2021b). This 
necessitated the engagement of all educational stakeholders, including the 
Department of Basic Education (DBE), learners, teachers, and parents.  
The DBE spent a significant amount of money to fund OL (Mulenga & Marbán, 
2020). For example, the DBE collaborated with cellular network providers to offer 
zero-rated educational learning platforms (Mulenga et al., 2020). Parents assisted 
by purchasing mobile gadgets to help their children’s online study (Mutambara 
& Bayaga, 2020b; Xu & Jaggars, 2013). Teachers developed a large amount of 
subject-specific OL resources (Mutambara & Bayaga, 2020a).  
 
Online learning has been found in studies to boost learners’ interest and 
performance (Xu et al., 2013). With all these benefits and the investments made, it 
is critical that OL remains a component of teaching and learning post COVID-19. 
Online learning will only be a success in developed nations if learners and 
teachers continue to use it (Suzianti & Paramadini, 2021; Wang et al., 2021).  
 
Several studies have been undertaken to better understand the factors that 
influence users’ acceptance of OL and, as a result, its effective implementation 
(Maheshwari, 2021; Mutambara et al., 2021b). However, there has been a limited 
amount of research conducted on the post-acceptance of OL, specifically its 
continued use (Chandradasa & Galhena, 2021; Huang, 2021; Suzianti et al., 2021; 
Wang et al., 2021). Few studies have been undertaken to study the factors that 
learners (Chandradasa et al., 2021; Holmes, 2013; Huang, 2021; Wang et al., 2021) 
and teachers (Holmes, 2013; Suzianti et al., 2021) consider when deciding whether 
or not to continue using OL. However, the question remains as to whether the 
research studies included all of the stakeholders in high school education 
(Mutambara et al., 2020b).  
 



588 

http://ijlter.org/index.php/ijlter 

When it comes to the continued use of OL, parents’ perspectives have not received 
the consideration they deserve. However, the ability of parents to adapt and 
become accustomed to utilising technology is required and necessary for assisting 
the learning process of their children with the use of OL (Dong et al., 2020). This 
comes in the form of parents assisting with the purchasing of the required gadgets 
for their children or even practically helping with the actual homework on these 
gadgets, let alone giving the necessary support and supervision required by 
learners outside the school environment. 
 
To fill this gap, this study sought to investigate the factors that parents in South 
Africa consider to be significant in allowing their children to continue using OL. 
These factors will help all stakeholders in education in decision making. Parents 
will also be informed of the critical factors on which they must concentrate to 
support their children in learning effectively. 
 

2. Literature Review  
2.1 The Impact of COVID-19 
During the peak of the COVID-19, all non-essential services were suspended, 
including schools. This led the DBE to order schools to switch to OL in order to 
save the academic year. The shift to OL was carried out with little to no 
forethought (Mulenga et al., 2020), thereby causing a chaotic transition. In the 
midst of this chaos, the government suggested that, rather than adding new 
technologies (which was costly), teachers should expand educational 
opportunities by utilising the existing technologies (Ardington et al., 2021; 
Mulenga et al., 2020). The administration also claimed that mobile devices capable 
of supporting OL were available in most homes (Landa et al., 2021). In so doing, 
OL took the role of traditional education. This meant that parents were required 
to monitor their children’s learning at home. 
 
This changeover was fraught with difficulties (Landa et al., 2021; Mulenga et al., 
2020; Mutambara & Bayaga, 2021a; Ramrathan, 2021). The majority of South 
African educators were not trained to use OL (Landa et al., 2021). Teachers were 
hesitant to teach online because they believed parents were watching them 
(Mulenga et al., 2020). Some parents were forced to purchase mobile gadgets that 
could facilitate OL (Mutambara et al., 2021a; Ramrathan, 2021). Parents also found 
it difficult to monitor and support their children as they were learning online 
(Landa et al., 2021). For learners, erratic internet connection and electricity supply 
interrupted their OL (Mutambara et al., 2021b). Despite these numerous hurdles, 
the DBE, teachers, learners, and parents persisted with OL. 
 
Eventually, the virus infections came to a peak and then subsided and life could 
resume as it had been prior COVID-19. Schools had to open, allowing teachers 
and learners to return to face-to-face instruction. This risked the loss of all the 
gains of OL which did not sit well with parents and other stakeholders. Therefore, 
some parents and other stakeholders wished to explore and identify factors that 
would allow children to continue using OL. 
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2.2 Online Learning and Parents’ Views 
Online learning is defined as learning that occurs over the internet, either 
synchronously or asynchronously, in which learners conveniently interact with 
content, educators and other learners (Dong et al., 2020; Heba & Sultan, 2020). 
Online learning has grown significantly in recent years due to its better flexibility 
in terms of time, location, and pace of study (Huang, 2021). Furthermore, OL 
offers convenient and highly efficient access to a wider array of knowledge, while 
minimising expenses (Huang, 2021; Mutambara et al., 2022b). In developing 
countries, OL mitigates shortages of learning materials (Chibisa et al., 2021; 
Mutambara et al., 2022b). In some cases, it can be used to enhance learners’ 
understanding of science concepts using computer simulations (Mutambara et al., 
2021a). However, in emerging nations, accelerated development of OL was 
witnessed in institutes of higher learning, rather than schools (Chandradasa et al., 
2021; Mutambara et al., 2021b).  
 
As OL continues to expand rapidly, governments, educational institutions, and 
companies worldwide are increasingly advocating for its adoption, resulting in a 
shift away from traditional in-person classrooms (Huang, 2021; Mulenga et al., 
2020). The advancement of communication technologies has enabled OL to create 
dynamic and authentic learning environments, fostering enhanced collaboration 
and interdependence among learners (Chandradasa et al., 2021; Lu et al., 2019). 
In the context of OL, authenticity can be achieved through various means. For 
instance, Chandradasa et al. (2021) stated that online platforms can offer 
simulations, virtual environments, and interactive multimedia resources that 
simulate real-world scenarios. The immersive experiences provided enable 
students to apply their knowledge and skills within a secure and controlled 
environment, replicating real-life situations that they may encounter in their 
future professional endeavours (Lu et al., 2019). Lu et al. (2019) added that OL 
often involves the use of technology, tools and resources that are commonly 
utilised in professional contexts. Students can gain practical experience in using 
digital tools, software applications, and online collaboration platforms that are 
prevalent in today’s workplace (Xu et al., 2013). By engaging with these 
technologies, students develop digital literacy skills and become familiar with the 
tools they will likely encounter in their professional lives (Zhu et al., 2020). 
 
Despite the numerous benefits of OL, parents’ views are polarised (Isikoglu 
Erdogan et al., 2019; Lu et al., 2019). Some parents have reservations about OL 
(Isikoglu Erdogan et al., 2019; Stites et al., 2021). For instance, some parents are 
concerned that OL may lead to social isolation and a lack of engagement, thus 
impacting their children’s development (Lau et al., 2021). Some parents are also 
concerned that their children’s excessive exposure to OL may expose them to 
inappropriate information (Stites et al., 2021). They are also concerned about 
cyberbullying (Isikoglu Erdogan et al., 2019), while others are anxious about the 
time that their children spend online, claiming that it can lead to physical health 
concerns (Heba et al., 2020). Some parents are concerned about the necessity to 
monitor their children’s usage of these devices by putting parental care tools in 
place (Isikoglu Erdogan et al., 2019; Lau et al., 2021). 
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Conversely, certain parents have expressed support for their children’s utilisation 
of technology and online learning (OL), recognising the potential for valuable 
technological skills’ development and the enhancement of academic growth 
(Mascheroni et al., 2016). They believe that equipping children with computer 
proficiency will contribute to their future opportunities, including career 
prospects (Hatzigianni & Kalaitzidis, 2018; Kumpulainen & Gillen, 2017; 
Mascheroni et al., 2016). In the extremely diverse digital environment of the 
modern world, some parents believe that a variety of digital and online tools may 
provide additional knowledge and learning opportunities for their children 
(Hatzigianni et al., 2018). There is a belief among certain parents that digital 
technologies and OL can play a crucial role in fostering the development of 
children’s learning competencies, language skills, self-expression, and social 
acceptance (Nouwen & Zaman, 2018). For most parents, the advantages of OL 
outweigh the disadvantages, resulting in its rapid growth. 

 
2.3 Factors that Influence Parents to Allow Children to Continue Using Online 
Learning 
Numerous studies have investigated parents’ perspectives on OL (Kumar et al., 
2010; Mutambara et al., 2020b; Özdamlı & Yıldız, 2014; Poçan et al., 2021). Özdamlı 
et al. (2014) focused on parents’ views towards parent-school collaboration using 
mobile devices. Mutambara et al. (2020b) investigated factors that influence 
parents’ pre-acceptance views of OL. The results revealed that parents’ 
behavioural intention to allow their children to use OL was influenced by the 
perceived ease of use of OL, the perceived usefulness of OL, perceived attitude 
towards OL, and perceived resources needed for OL (Mutambara et al., 2020b). 
Kumar et al. (2010) emphasised that parents are concerned with the high cost 
involved in OL. Poçan et al. (2021) also noted that parents consider perceived ease 
of use, perceived performance impact, and perceived usefulness when allowing 
their children to use OL to learn mathematics. Parents consider teachers’ support 
and preparedness when they allow their children to use OL (Eutsler, 2018). 
Parents’ attitudes towards OL play a very important role in their acceptance of 
OL for their children (Mutambara et al., 2021a). 
 
Thus far, the current authors have found no evidence that available research 
examined what factors impact parents’ decisions to allow their children to 
continue OL. However, there have been few studies that have looked into 
learners’ (Zhu et al., 2020) and teachers’ (Holmes, 2013; Holmes & Sime, 2012) ) 
continuous use of OL. According to the findings, some of the factors that influence 
teachers’ pre-acceptance of OL also influence their continued use (Chandradasa 
et al., 2021; Zhu et al., 2020). According to the findings of these studies 
(Chandradasa et al., 2021; Holmes et al., 2012; Zhu et al., 2020), several of the 
factors that influence learners’ pre-acceptance of OL also influence their post-
acceptance. These results can be extrapolated towards the factors that influence 
parents’ support of learners’ continued use of OL. 
 
According to some studies, the perceived usefulness of parents influences their 
behavioural intention to allow their children to use OL (Mutambara et al., 2021a). 
Parents’ behavioural intentions were found to be influenced by cost and perceived 
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resources (Mutambara et al., 2020b). Another study by Agaton et al. (2021) found 
that performance impact and educator preparedness influence parents’ 
willingness to allow their children to use OL. Teachers’ and the DBE’s support has 
a significant impact on parents’ behavioural intentions to use OL (Heba et al., 
2020). 

 
3. Framework of the Study 
The expectation-confirmation model (ECM) developed by Bhattacherjee (2001) 
was used to explain the factors that parents consider important when allowing 
their children to use OL. The ECM states that users’ continuous use of an 
information system (in this case, OL) is influenced by their satisfaction and 
usefulness (Bhattacherjee, 2001). Satisfaction and usefulness are influenced by 
confirmation (Bhattacherjee, 2001). The ECM has been widely used in the context 
of educational technology to explain users’ continued use of these technologies 
(Huang, 2021; Nugroho et al., 2019; Suzianti et al., 2021). Nugroho et al. (2019) 
noted that more educational-related variables or constructs should be added to 
ECM to improve its explanatory power. This study, like Alarabiat et al. (2021) and 
Chandradasa et al. (2021), extended the ECM with educational related constructs 
stated as: confirmed performance impact, confirmed costs, confirmed support, 
confirmed teachers’ preparedness, attitude towards, and confirmed usability 
(CU). These added constructs, together with the ECM constructs, make up the 
conceptual framework of this study and are explained as follows. 
 
3.1 Satisfaction (SFN) 
Satisfaction refers to the cognitive and emotional state experienced by a user in 
response to a particular activity, such as OL, encompassing both physical and 
emotional reactions (Alarabiat et al., 2021). Users will be emotionally fulfilled if 
the outcomes fit their needs, expectations, task orientation, and goal 
determination (Holmes, 2013; Lu et al., 2019). User satisfaction is seen as a 
significant predictor of an information system success. The user’s ongoing 
intention to use an information system is primarily influenced by their satisfaction 
with the system’s usage (Suzianti et al., 2021). Huang (2021) stressed that the key 
determinant of continued intention is satisfaction gained after actual use of an 
educational technology. When the level of satisfaction is high, it results in a 
corresponding high level of continued use (Alarabiat et al., 2021; Xu et al., 2013). 
Satisfaction is usually regarded as a mediating factor of post-adoption factors and 
continuous use (Nugroho et al., 2019). If parents are satisfied with OL, they would 
want their children to continue using it. Therefore, the hypothesis for the construct 
satisfaction is: 
H1: Parents’ satisfaction influences their children’s continuous use of OL. 
 
3.2 Confirmed Usability (CU) 
According to Lewis (2018), usability refers to the degree of effectiveness in which 
designated users can successfully accomplish predetermined objectives within a 
particular context. In this study, confirmed usability is defined as parents’ 
confirmed belief that their children can use OL to learn. The amount to which a 
task goal is successfully attained (e.g., the proportion of users who are able to 
finish a particular task) is referred to as effectiveness (Lewis et al., 2015). This 
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study proposed that if parents have a confirmed belief that their children can learn 
using OL, they will be satisfied and have a positive attitude towards it. Therefore, 
the hypotheses of the construct confirmed usability are: 
H6: Parents’ confirmed usability influences their satisfaction with OL. 
H8: Parents’ confirmed usability influences their attitude towards OL. 
 
3.3 Attitude Towards (AT) 
In this study, the phrase “attitude towards” (AT) refers to parents’ general 
affective reaction to the use of OL (Mutambara et al., 2021b). After permitting their 
children to use OL, parents’ views regarding it develop. These attitudes may be 
favourable or negative (Alarabiat et al., 2021; Almahamid & Rub, 2011; Nouwen 
et al., 2018). If their expectations are met or surpassed, parents will have a positive 
attitude towards OL. Attitudes have been shown to influence satisfaction (Huang, 
2021). If parents develop a positive attitude with OL, they will be satisfied with it. 
Therefore, the hypothesis for the construct attitude towards is. 
H5: Parents’ attitude towards influences their satisfaction with OL. 
 
3.4 Confirmed Performance Impact (CPI) 
In this study, parents’ confirmed view that OL enhances their children’s 
performance is defined as a confirmed performance impact. The goal of 
performance impact is to quantify one component of performance impact, which 
is parents’ self-report on the perceived influence of OL on their children’s 
performance (DeLone & McLean, 2016; El Said, 2015). Despite the fact that 
improving users’ efficiency in executing activities involved in information 
systems is one of the key aims of an information system, the performance impact 
of an information system has seldom been examined, or even considered, in 
information system adoption models (Goodhue & Thompson, 1995). This study 
postulated that if parents have a confirmed performance impact, they will allow 
their children to continue to use OL and be satisfied with it. As a result, the 
construct “confirmed performance impact” hypotheses are as follows: 
H4: Parents’ confirmed performance impact influences their satisfaction with OL. 
H2: Parents’ confirmed performance impact influences their children’s continuous use of 
OL. 
H9: Parents’ confirmed performance impact influences their attitude towards OL. 
 
3.5 Confirmed Teachers’ Preparedness (CTP) 
The concept of teachers’ preparedness encompasses the “state or situation of 
being prepared; readiness”, emphasising the attitudinal element of being ready 
for something (Gill & Dalgarno, 2008, p. 12). Human factors (such as a lack of 
confidence in utilising OL, reluctance to change and unfavourable attitude 
towards OL, and lack of perceived benefits, in addition to a lack of time, resources, 
and training) were important and constant barriers to teachers’ use of OL (Gill et 
al., 2008; Hero, 2020; Nasiri et al., 2014). According to studies, teachers’ readiness 
influences their support (Hero, 2020) and attitude towards the OL (Nasiri et al., 
2014). This study postulated that parents’ perceptions of teachers’ readiness to use 
OL will influence their confirmed support and attitude towards OL. As a result, 
the construct “confirmed teachers’ preparedness” hypotheses are as follows: 
H10: Parents’ confirmed teachers’ preparedness influences attitude towards OL. 
H11: Parents’ confirmed teachers’ preparedness influences their confirmed support. 
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3.6 Confirmed Support (SUP) 
Learner support is yet another indicator of the effectiveness of OL. Academic 
assistance, counselling and mentorship, tutoring, and technological assistance are 
examples of support services (Watson et al., 2010). Several of these tasks are 
handled by educators in some schools; however, other schools dedicate personnel 
for part or all of these services. In some schools, learners are directed to a support 
website, while in others, support is embedded into the course material and 
software (Watson et al., 2010; Yu et al., 2017). Most schools employ a combination 
of all of the above (Hossain et al., 2020; Mutambara et al., 2021a).  
 
Learners and parents both require technical assistance with OL devices and, thus, 
it is critical that schools provide adequate technical support to alleviate the 
irritation caused by technology-based interruptions to learning (Mutambara et al., 
2020b; Stites et al., 2021; Watson et al., 2010). Several studies have investigated 
support as part of perceived resources, not as a standalone construct, and they 
found that it influences users’ attitude towards the use of an educational 
technology (Chibisa et al., 2021; Mutambara et al., 2020a; Mutambara et al., 2022b; 
Zhu et al., 2020). This study postulates that if schools can provide academic 
assistance, counselling and mentorship, tutoring, and technological assistance to 
learners, parents will have a positive attitude towards their children’s OL. 
H12: Parents’ confirmed support influences their attitude towards children’s OL. 
H7: Parents’ confirmed support influences their satisfaction with OL. 
 
3.7 Confirmed Cost (CC) 
There are fees associated with online schooling that parents must bear (Watson et 
al., 2010). Parents must purchase data bundles and equipment that can facilitate 
OL (Mutambara et al., 2021a; Nasiri et al., 2014). Several studies have found that 
OL expenses have a unfavourable effect on user attitudes (Mutambara et al., 
2021b; Poçan et al., 2021). Huang (2021) observed that the cost of OL influences 
user satisfaction and continuous use. This study assumes that the expenses of OL 
have an impact on parents’ continued use, satisfaction, and attitude towards use. 
As a result, the construct “confirmed cost” hypotheses are as follows. 
H3: Parents’ confirmed cost influences their children’s continuous use of OL. 
H13: Parents’ confirmed cost influences their attitude towards use of OL. 
H14: Parents’ confirmed cost influences their satisfaction with OL. 
 
The 14 hypotheses and seven constructs explained above make up the conceptual 
model shown in Figure 1. These seven constructs explain continuous use (CONT) 
of OL. Hence, CPT predicts SUP and they both predict AT. CC, CU, and CPI are 
antecedents of AT and SFN. CC, CPI, and SFN have a direct effect CONT. 
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Figure 1: Conceptual model 

 
4. Methodology 
4.1 Research Design 
Using a cross-sectional survey design, the research aimed to quantitatively 
capture the perspectives of a particular population by analysing a subset of 
individuals within that population (Creswell & Creswell, 2017). This design was 
utilised to obtain a quantitative description of parents’ perspectives on their 
children’s continuous utilisation of OL. The survey design enabled the collection 
of a substantial amount of data from parents within a short timeframe and at a 
reasonable cost. Additionally, it facilitated the acquisition of opinion-based data 
from parents through the use of a questionnaire. The proposed model was 
examined using partial least squares structural equation modeling (PLS-SEM) 
implemented with the assistance of SmartPLS3. 

 
4.2 Participants 

To gather data, the research employed stratified random sampling as described 
by (Creswell et al., 2017). In the study, all high schools within South Africa’s King 
Cetshwayo District were categorised into quintiles based on their characteristics. 
Schools within the same quintile were grouped together to form strata. This 
stratification approach ensured that schools with similar characteristics were 
grouped together, reducing potential estimation errors (Creswell et al., 2017). A 
total of five strata were created as a result. From each stratum, one school was 
selected using simple random selection. Additionally, simple random sampling 
was employed to choose 550 students from the selected schools. Each of these 
students received a questionnaire for each of their parents, resulting in a sample 
size of 550 for the parents in the study. 
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Out of the initial 550 questionnaires distributed, a response rate of 71% was 
achieved, resulting in the collection of 390 completed questionnaires. However, 
only 92% (358 responses) of the collected questionnaires were considered suitable 
for inclusion in this study after undergoing data screening, while the remaining 
8% were excluded. Regarding the demographics of the respondents, 35% resided 
in rural areas, 40% in semi-urban areas, and 25% in urban areas. In terms of gender 
distribution, 64% of the respondents identified as female, while 36% identified as 
male. 
 
The constructs with the highest number of indicators were “continued use” and 
“confirmed support”, each consisting of five indicators. In accordance with the 
guideline proposed by Hair et al. (2017), which suggested a minimum sample size 
of at least 10 times larger than the number of indicators in the construct with the 
most indicators, a sample size of 50 or more was recommended. The sample size 
of 358 participants in this study exceeds this recommended minimum by a 
significant margin. 
 
4.3 Instrument Formation 
The data collection process involved two main parts. Firstly, parents provided 
information regarding their demographic background. Secondly, respondents 
completed the essential section of the questionnaire, which encompassed scales 
designed to measure the constructs of the model. The questionnaire was adapted 
from previous research studies conducted by Huang (2021) and Mutambara et al. 
(2021a), and customised to suit the specific requirements of the present study. All 
items in the survey’s questionnaire were directly framed within the context of OL. 
Respondents were asked to indicate their agreement level on a 7-point Likert-type 
scale, ranging from strongly disagree to strongly agree. 
 
4.4 Data analysis 
The collected data were analysed using partial least squares structural equation 
modeling (PLS-SEM), with the assistance of SmartPLS3. The analysis process 
involved two main stages. First, the measurement model was evaluated. This step 
focused on examining the reliability and validity of the measurement scales used 
in the study (Hair et al., 2017). The measurement model assessed the relationships 
between the observed variables and their corresponding latent constructs, 
ensuring that the indicators accurately measured the underlying constructs (Hair 
Jr et al., 2016). Second, the structural model was assessed. This step aimed to 
investigate the relationships and effects among the latent constructs in the 
proposed theoretical model (Hair Jr et al., 2017). The structural model analysis 
examined the direction, significance, and strength of the relationships between 
different constructs, providing insights into the hypothesised relationships and 
their statistical significance (Hair et al., 2017).  
 
By conducting both the measurement model evaluation and the structural model 
assessment, the analysis provided a comprehensive understanding of the 
relationships among the constructs and their overall fit to the collected data. 
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5. Results 
5.1 Measurement Model  
To assess convergent validity, the extracted values of internal consistency, item 
reliability, and average variance extracted values (AVE) are used (Hair Jr et al., 
2016; Hair Jr et al., 2017). In this investigation, most of the outer loadings in Figure 
2 were greater than the recommended cut-off value of 0.7. The only construct with 
outer loading below 0.7 was cu1 (0.649). This construct was not removed from the 
model because of its contribution to content reliability. These findings suggested 
that item reliability was adequate (Hair Jr, Hult, Ringle, & Sarstedt, 2021). The 
composite reliability (CR) threshold value is 0.7 (Hair et al., 2017; Hair et al., 2021). 
According to the data in Table 1, all the CR values were greater than the threshold 
value of 0.7, suggesting adequate internal consistency. The cut-off value of the 
average variance extracted (AVE) is 0.5 (Hair et al., 2017). The results in Table 1 
show that all the AVE values were greater than 0.5. Acceptable item reliability, 
AVE, and internal consistency all confirmed convergent validity (Hair Jr et al., 
2016). 
 

Table 1: Measurement model 

Construct AT CC CONT CPI CPT CU SFN SUP 

AVE 0.739 0.733 0.791 0.685 0.704 0.588 0.803 0.781 
CR 0.919 0.916 0.949 0.897 0.905 0.850 0.942 0.947 

 
To assess discriminant validity, the Fornell-Larcker criterion was used (Hair Jr et 
al., 2016). According to Hair et al. (2017), in order to assess discriminant validity, 
the square root of the AVE for each latent variable should be greater than its 
highest correlation with any other latent variable. The findings demonstrated that 
each construct in the model assesses different factors that parents in South Africa 
consider significant in allowing their children to continue using OL.  
 

Table 2: Fornell-Larcker criterion 

  AT CC CONT CPI CPT CU SFN SUP 

AT 0.860        

CC 0.830 0.856       

CONT 0.651 0.733 0.889      

CPI 0.596 0.693 0.775 0.888     

CPT 0.652 0.650 0.713 0.825 0.890    

CU 0.489 0.542 0.562 0.598 0.504 0.767   

SFN 0.599 0.728 0.828 0.779 0.685 0.611 0.896  

SUP 0.750 0.637 0.514 0.664 0.735 0.502 0.715 0.884 

 
5.2 Structural Model 
Once the validity of the measurement model was established, the structural model 
was evaluated following a four-step process proposed by Hair Jr et al. (2016). As 
outlined by Hair Jr et al. (2016), this process involves analysing collinearity in the 
structural model, assessing the significance and relevance of path coefficients, 
evaluating the model’s explanatory power, and finally, examining its predictive 
power. This four-step evaluation framework was applied in the current study.  
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To test for collinearity in the measurement model, variance inflation factor (VIF) 
values were computed, as suggested by Hair Jr et al. (2017). Table 3 displays the 
VIF values; all of them were found to be below four, indicating the absence of 
collinearity issues within the model (Hair Jr et al., 2017). 
Next, the significance of the path coefficients was evaluated using the 
bootstrapping method with 5000 subsamples. Table 3 presents the results, 
revealing that three out of the 14 examined hypotheses were rejected, while 11 
hypotheses were accepted. Hypotheses were rejected based on p-values greater 
than 0.05 and t-values less than 1.96, adhering to the established criteria (Hair Jr 
et al., 2017). 
 

Table 3: Structural model 

Path 
Std 
Beta 

t-values p-values Decision f2 VIF 

AT to SFN 0.334 3.002 0.003 Accepted 0.097 3.542 
CC to AT 0.652 7.028 0.000 Accepted 0.894 2.226 
CC to CONT 0.207 3.093 0.002 Accepted 0.730 2.327 
CC to SFN 0.463 5.071 0.000 Accepted 0.203 3.173 
CPI to AT -0.269 1.124 0.262 Rejected 0.068 3.966 
CPI to CONT 0.264 3.239 0.001 Accepted 0.099 2.781 
CPI to SFN 0.314 3.870 0.000 Accepted 0.149 2.617 
CPT to AT 0.177 0.660 0.510 Rejected 0.030 3.952 
CPT to SUP 0.735 16.347 0.000 Accepted 1.173 1.000 
CU to AT 0.021 0.511 0.609 Rejected 0.001 1.683 
CU to SFN 0.138 2.202 0.028 Accepted 0.046 1.658 
SFN to CONT 0.471 5.125 0.000 Accepted 0.283 3.082 
SUP to AT 0.373 3.100 0.002 Accepted 0.264 2.462 
SUP to SFN 0.393 4.077 0.000 Accepted 0.214 2.851 

 
The coefficient of determination (R2) and effect size (f2) values are used to evaluate 
the model’s explanatory power (Hair Jr et al., 2021). Hair Jr et al. (2021) 
demonstrate that R2 values of 0.19, 0.33, and 0.67, respectively, imply a weak, 
moderate, and substantial level of accuracy (Hair Jr et al., 2021). According to Hair 
Jr et al. (2021), f2 values of 0.02, 0.15, and 0.35 correspond to effect sizes of small, 
medium, and large, respectively. The R2 values of SUP (0.540) is considered 
moderate, while the R2 values of AT (0.786), SFN (0.747), and CONT (0.746) are 
considered a substantial level of accuracy.  
 
The effect sizes were minimal for the routes AT to SFN (0.097), CPI to AT (0.068), 
CPT to AT (0.030), CPI to SFN (0.149), CPI to CONT (0.099), CU to SFN (0.046), 
and CU to AT (0.001). SFN to CONT (0.283), SUP to AT (0.264), SUP to SFN (0.214), 
and CC to SFN (0.203) had medium impact sizes. The routes with the largest effect 
sizes were CC to AT (0.894), CC to CONT (0.730), and CPT to SUP (1.173), 
indicating that removing the predictor from the model had a significant influence 
on the R2 value of its endogenous variable. 
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Figure 2: Structural model 

The predictive power of the model was assessed using the Stone-Q-squared 
Geisser’s statistic. By running the blindfold procedure, the results show that 
endogenous variables AT, CONT, SFN, and SUP have Q2 values of 0.562, 0.580, 
0.582, and 0.417, respectively. All Q2 values in the model were found to be greater 
than zero, indicating that the model had satisfactory predictive significance (Hair 
Jr et al., 2017). This implies that the predictors CPT, SFN, SUP, AT, CPI, CC, and 
CU are among the factors that motivate parents of children in South Africa to 
continue utilising OL. 
 

6. Discussion 
The aim of this study was to investigate the factors that parents in South Africa 
consider significant in allowing their children to continue using OL. This was 
accomplished by incorporating context-related constructs into the expectation-
confirmation model, as proposed by Foroughi et al. (2019). The model explained 
74.6% of the variance in the continuous use of OL by parents in South Africa in 
allowing their children to continue using OL. All the Q2 values were greater than 
zero. This means that the constructs of confirmed cost, confirmed support, 
confirmed teachers’ preparedness, confirmed performance impact, attitude 
towards, confirmed usability, and satisfaction are good predictors of parents in 
South Africa in allowing their children to continue using OL.  
 
The results revealed that confirmed teachers’ preparedness influence parents’ 
confirmed support but not their attitude towards the use of OL. These studies 
contradict the findings of Nasiri et al. (2014), who reported that teachers’ 
preparedness influence parents’ attitude towards the use of OL. This result is not 
surprising, since most parents in South Africa are not well educated and they do 
not know what their children are learning (Nasiri et al. (2014). The results are also 
in line with the findings of Hero (2020), who stated that teachers’ confirmed 
preparedness influences parents’ confirmed support. The results imply that 
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teachers should be well prepared to provide adequate technical support to both 
parents and learners to alleviate the irritation caused by technology-based 
interruptions to learning. 
 
Congruent to the findings of Stites et al. (2021) and Watson et al. (2010), parents’ 
confirmed support influence their confirmed attitude towards use and 
satisfaction. These results imply that parents’ overall views on allowing their 
children to continue to use OL is influenced by the academic assistance, 
counselling, and mentorship, tutoring, and technological assistance that they and 
their children receive from the school. It is important for schools to continue to 
support parents and learners for continuance of OL.  
 
Parents’ satisfaction was influenced by their attitude towards use. This outcome 
is consistent with previous research findings (Alarabiat et al., 2021; Almahamid et 
al., 2011; Huang, 2021), which found that after enabling their children to use OL, 
parents acquired a good attitude towards it, which influenced their satisfaction. 
This positive attitude towards OL is reinforced by the assistance they received 
from teachers, the good impact of OL on their children’s performance, and 
teachers’ preparedness. 
 
Contrary to the findings of Lewis (2018), the findings of this study demonstrated 
that parents’ confirmed usability influences their satisfaction rather than their 
attitudes. Given that OL has been in use for some time and that studies 
demonstrated that it is effective and increases learners’ performance (Mutambara 
& Chibisa, 2022c), one would expect its effectiveness to favourably affect parents’ 
attitude towards it. The ability of OL to enable learners to learn and improve their 
performance influences parents’ satisfaction with it.  
 
Confirmed performance impact had a considerable influence on satisfaction and 
continued use but had no effect on attitude towards. This finding is congruent 
with the findings of DeLone et al. (2016), who reported that when choosing an OL 
platform, parents are mainly concerned with their children’s performance. These 
findings show that parents are satisfied with OL and they will continue to allow 
their children to use it because of its potential to increase learners’ performance. 
The findings also revealed that confirmed costs have a beneficial impact on 
attitude, satisfaction, and continued use. These findings are consistent with 
previous studies (Huang, 2021; Mutambara & Chibisa, 2022a; Poçan et al., 2021). 
One possible explanation for these findings is that learners may already have had 
devices that could support OL and, thus, they did not need to invest in new 
gadgets. Furthermore, the DBE collaborated with cellular network carriers to offer 
zero-rated educational websites. This lowered the overall cost of OL. It is this cost 
saving that persuade parents to allow their children to continue using OL. 
 
Congruent to the common belief in the body of knowledge (Alarabiat et al., 2021; 
Suzianti et al., 2021; Xu et al., 2013), our results showed that parents’ satisfaction 
strongly correlates with their continued use. Information system users’ continued 
intention is primarily determined by satisfaction with the usage of that 
information system (Suzianti et al., 2021). Huang (2021) stressed that the key 
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determinant of continued intention is satisfaction gained after actual use of 
educational technologies. Increased satisfaction levels are associated with higher 
levels of continuous use (Alarabiat et al., 2021; Xu et al., 2013). The results also 
revealed that satisfaction plays a very important mediating role between 
continued use and confirmed support, confirmed teachers’ preparedness, and 
confirmed support. It is very important for parents to be satisfied with OL for 
them to continue supporting their children in using the technology. 
 

7. Theoretical Implications 
The present study adds to the existing literature in four ways. First, the study 
presents empirical evidence that, despite being designed two decades ago 
(Bhattacherjee, 2001), the expectation-confirmation model may still be utilised to 
predict users’ continued use of technology. 
 
Second, the findings validated the recommendation of Nugroho et al. (2019) that 
the ECM be expanded by including context-related antecedents to explain the 
continued use of technology in a different setting. According to the findings of 
this study, confirmed cost influence satisfaction, continued use, and attitude 
towards use. Confirmed performance impact influences parents’ satisfaction and 
continued use. Confirmed teachers’ preparedness predicts confirmed support, 
which influences attitude towards use and satisfaction. 
 
Third, by developing a model for predicting the continued use of educational 
technologies, this work contributes to the body of knowledge. This may be 
advantageous to developing countries’ continued use of educational technologies. 
This is significant because most of the educational technology research has been 
conducted in developed countries to date. 
 
Fourth, the study’s findings revealed that satisfaction was the strongest direct 
predictor of continued use. This suggests that for users to continue utilising 
educational technology, they must be content with them. More factors influencing 
user satisfaction with educational technologies should be identified. 
 

8. Practical Contributions 
This study and its findings have several practical ramifications. Parents’ 
confirmed support influences their confirmed attitude towards use and 
satisfaction. It is critical for schools to continue to help parents and learners for 
OL to continue to be used. When implementing OL, schools in South Africa 
should employ OL dedicated technicians to assist parents and learners. 
 
According to the findings of this study, parents’ satisfaction is the best predictor 
of their continuous use. The findings also demonstrated that satisfaction plays a 
critical role in mediating the relationship between continuous use and confirmed 
usability, confirmed teachers’ preparedness, and confirmed support. It is critical 
to increase parents’ satisfaction with OL for it to be used on a consistent basis. This 
can be accomplished by providing technical and psychological assistance to 
parents and learners. This can be achieved by hiring technicians to assist with 
technological challenges. 
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Our results revealed that confirmed cost has a positive impact on attitude 
towards, satisfaction, and continuous use. The DBE should assist learners by 
providing them with devices that are suitable for OL and data bundles. Schools 
can also use offline portals, where students can only connect to the school’s Wi-Fi 
once a week to get their learning materials. This reduces the amount of data 
required to support OL and, as a result, the associated costs. 
 

9. Limitations and Future Studies 
The study’s shortcomings include the fact that it only included parents of high 
school learners in one district. As a result, generalising the study’s findings to all 
high schools in South Africa should be done with caution. Additionally, this study 
relied on self-reported data, which introduces the possibility of response bias and 
social desirability bias. Participants may not always provide accurate or truthful 
information about their attitudes, behaviours, or experiences, leading to potential 
errors in the results.  
 
Future studies could consider employing additional measures or alternative data 
collection methods to mitigate these potential biases and enhance the robustness 
of the findings. Future research may replicate and compare the findings of this 
study in other developing countries. More research is needed to identify the 
factors that influence the continuous use of educational technologies, particularly 
in developing nations. Researchers may also investigate what aspects influence 
parents’ satisfaction with educational technologies. This will increase the usage of 
educational technology in the long run, as user satisfaction is the best single 
predictor of continuous use. 
 

10. Conclusion 
The aim of this study was to investigate the factors that parents in South Africa 
consider significant when allowing their children to continue using OL. 
Confirmed cost, confirmed teachers’ preparedness, attitude towards, confirmed 
usability, and confirmed performance impact were used to extend the ECM in this 
study. The results revealed that all the added variables are good antecedents of 
the ECM. The ECM factors, plus the additional variables, explained 74.6% of the 
variance in the continuous use of OL by parents in South Africa in allowing their 
children to continue using OL. The results also revealed that confirmed 
performance impact, satisfaction, and confirmed support had direct effects on 
parents in South Africa in allowing their children to continue using OL. 
 
Attitude towards, confirmed teachers’ preparedness, confirmed usability and 
confirmed support are prognosticators of satisfaction. Confirmed costs and 
confirmed support influence attitude towards the use of OL. Confirmed teachers’ 
preparedness influences their confirmed support. The high explanatory power of 
the developed model in this study was evidence that the identified factors are 
good factors that parents in South Africa consider when allowing their children 
to continue using OL. 
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